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Abstract

Fault detection is a crucial pre-stage for fault diagnosis, and often
treated as a binary (normal and abnormal) classification problem. While
this strategy is simple to implement, it suffers from high computational
complexity and biased classification accuracy due to large-scale and
imbalanced training set, respectively. To avoid these problems, we propose
a one-class learning-based fault detector. The proposed fault detector
improves generalization ability of the regular one-class classifier, the

one-class SVM, thus enhancing the fault-detection accuracy.
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